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XIAN Xue-feng''?, ZHAO Peng-peng', XIN Jie!,FANG Wei', CUI Zhi-ming'*?

(1 Institute of Intelligent Information Processing and Application, Soochow University, Suzhou 215006, China;
2 Jiangsu Province Support Software Engineering R&D Center for Information
Technology Application in Enterprise, Suzhou 215104, China)

Abstract: An approach based on the domain sample query is proposed in this paper to classify the web database. it obtains
domain of the main attributes by analyzing descriptive attribute labels in the advanced query interfaces, the correllations of
between web database with simple query interface and domain can be estimated by result schema and records of result
pages, which obtained by submitting probing queries to simple query interface. The experiments on several domains have
proved that this approach is effective and can achieve high classification precision, recall and F-measure values.
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